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ABSTRACT 
Tampereen ammattikorkeakoulu Tampere University of Applied Sciences Master of Business Administration Educational Leadership  RUUSKANEN, MARIA E-Learning in Peru Employer perceptions on online distance learning  Master's thesis 73 pages, appendices 4 pages June 2020 
E-learning has been identified as an enabler for people and organizations to keep up with changes in the global economy and, as such, an attractive option for de-veloping countries, like Peru. A key factor affecting online distance learning mo-tivation and enrolment is social influence. Social influence refers to people’s per-
ceptions of what ‘important others’ think of their choices. Employers are identified as a group whose views and attitudes are particularly influential in society.   A relatively recent study carried out in Lima, Peru revealed that a surprisingly low number of respondents (42% of male respondents and 31 % of female respond-ents) believed that e-learning was appreciated and valued by companies. Simi-larly, 26 % of respondents believed that one of the main disadvantages of e-learning was that it was generally less valued than face-to-face education.   The main topic of interest of this study is whether Peruvian employers display dismissive attitudes towards potential employees with Online Distance Learning (ODL) experience. If so, what are their main concerns regarding the ODL study format and whether or not any common factors or trends can be identified to help explain employer attitudes towards ODL?   The data for this study were collected from 81 Peruvian top executives and 5 industry leaders, through an online survey and 5 semi-structured interviews. A mixed-method research approach, which combined descriptive statistics and an-alytic induction, was used to analyze the data.   Findings reveal a general trend of moderate negative bias against ODL in this respondent group. However, only one-fifth of respondents expressed a dis-missive attitude towards potential employees with ODL experience. For one-third of respondents, the prestige of the educational institution accrediting the ODL 
was highly relevant. These findings suggest that there are ‘mitigating factors’ that play a key role in attitude formation and decision making. Demographic factors, such as age, appeared to be irrelevant in defining attitudes, while the respond-
ents’ personal experience with ODL seemed to correlate positively with open-minded attitudes towards potential employees with ODL experience. Further studies, using random sampling, are recommended.   
Key words: online distance learning, employer perceptions, social influence 



3 

 

CONTENTS 
 
List of Tables 
List of Figures 
1 INTRODUCTION .................................................................................. 8 

1.1 Study area ...................................................................................... 9 

1.2 Study objectives ........................................................................... 10 

1.3 Ethical concerns ........................................................................... 12 

1.4 Thesis outline ............................................................................... 13 

2 E-LEARNING AND EMPLOYER PERCEPTIONS .............................. 14 

2.1 Defining concepts ......................................................................... 14 

2.1.1 E-learning ........................................................................... 14 

2.1.2 Employer perceptions ......................................................... 17 

2.2 Why do employer perceptions matter? ......................................... 19 

2.2.1 The UTAUT model: linking social influence with intention of use ..................................................................................... 20 

2.2.2 Previous studies conducted in Peru ................................... 22 

3 METHODOLOGY................................................................................ 24 

3.1 Methodological approach ............................................................. 24 

3.2 Operationalization of key variables .............................................. 26 

3.3 Data acquisition............................................................................ 29 

3.3.1 Sampling ............................................................................ 30 

3.3.2 Online survey...................................................................... 32 

3.3.3 Semi-structured ‘elite interviews’ ........................................ 35 

3.4 Data analysis................................................................................ 37 

3.4.1 Descriptive statistics ........................................................... 37 

3.4.2 Analytic induction ................................................................ 38 

3.5 Limitations .................................................................................... 39 

4 RESEARCH FINDINGS ...................................................................... 42 

4.1 Employers personal experience with e-learning ........................... 42 

4.2 Employers perceptions on e-learning ........................................... 46 

4.2.1 Did employers display a dismissive attitude? ..................... 51 

4.2.2 Was prestige a mitigating factor? ....................................... 53 

4.2.3 Was internationalism a mitigating factor? ........................... 55 

4.2.4 Were professional networks a critical factor? ..................... 56 

4.2.5 Did personal experience correlate positively with open-minded attitudes? ............................................................... 57 

4.3 Determining cause and effect ...................................................... 61 

5 CONCLUSIONS AND DISCUSSION .................................................. 63 



4 

 

5.1 Summary of research findings ..................................................... 63 

5.2 Suggestions for further research .................................................. 66 

5.3 Discussion on the future of e-learning in Peru ............................. 67 

REFERENCES ........................................................................................ 70 

APPENDICES .......................................................................................... 74 

Appendix 1. Online questionnaire ....................................................... 74 

Appendix 2. Interview guide ................................................................ 77 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



5 

 

ABBREVIATIONS AND TERMS  
 
 
FraIM Frameworks for an Integrated Methodology 
ISIL  Instituto San Ignacio de Loyola  
MOOC Massive Open Online Course 
ODL Online Distance Learning  
SPSS Statistical Package for Social Sciences 
UTAUT Unified Theory of Acceptance and Use of Technology 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



6 

 

LIST OF TABLES 
 
TABLE 2. 1 Four ways to define e-learning based on Sagrà et al. (2012) ........ 16 

 
TABLE 3. 1 Operationalization of key variables ................................................ 28 

TABLE 3. 2 Demographic profile of survey respondents .................................. 35 

 
TABLE 4. 1 Demographic profile of survey respondents with no e-learning 

experience ................................................................................................. 43 

TABLE 4. 2 Profiles of interviewed industry leaders ......................................... 48 

TABLE 4. 3 Key points and recurring themes in semi-structured interviews ..... 50 

TABLE 4. 4 Testing the positive linear correlation between ‘a dismissive attitude 

towards ODL’ and ‘age group’ using Spearman’s rho ................................ 53 

TABLE 4. 5 Cross-tabulation that illustrates the relationship between making an 
open-minded affirmation and having personal experience with e-learning 60 

TABLE 4. 6 Testing the association between making an open-minded 
affirmation and having personal experience with e-learning using the 
Pearson Chi-square ................................................................................... 60 

TABLE 4. 7 Causes for negative bias expressed in interviews ......................... 62 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 



7 

 

LIST OF FIGURES 
 
FIGURE 2. 1 Factors and mechanisms affecting employers perceptions 

regarding the potential of job-seekers (Cai, 2013, based on Bailly, 2008) . 19 

FIGURE 2. 2 How social influence affects the intention to use an e-learning 
portal (based on the UTAUT model developed by Venkatesh, Morris, Davis 
and Davis [2003]). ...................................................................................... 21 

 
FIGURE 3. 1 The main FraIM for conducting small-scale educational research 

by David Plowright (2011) .......................................................................... 25 

 
FIGURE 4. 1 Amount of e-learning survey respondents had engaged with ...... 44 

FIGURE 4. 2 Type of e-learning survey respondents had engaged with .......... 45 

FIGURE 4. 3 Institutions that had offered e-learning to survey respondents .... 46 

FIGURE 4. 4 Survey respondents perceptions of job-seekers with e-learning 
credentials ................................................................................................. 47 

FIGURE 4. 5 Respondents that valued traditional face-to-face learning over e-
learning when evaluating job candidates ................................................... 52 

FIGURE 4. 6 Levels of negative bias against job candidates with e-learning 
credentials ................................................................................................. 57 

FIGURE 4. 7 The linkage between open-minded attitudes and the respondents 
personal experience with e-learning .......................................................... 59 

  
 
 
 
 
 
 
 



8 

 

1 INTRODUCTION 
 
 
Peru is a country that suffers from a significant learning gap and digital divide 
(Libaque-Saenz, 2016). Out of a population of 32 million, over 1.3 million young 
people or adults cannot read or write (UNESCO, 2018). Consequently, Peru suf-
fers from a low-skilled workforce (OECD, 2016). This slows down industrial diver-
sification, making Peru vulnerable to the price fluctuations of the volatile com-
modity market.  
 
In the capital city of Lima, where one third of the Peruvian population has settled, 
and which concentrates a significant portion of the country’s wealth, services and 

infrastructure, the situation is somewhat different. To this Latin American meg-
acity, the global digital economy has arrived, generating a demand for new digital 
skills. Universities and technical institutes are offering an increasing amount of 
courses and programs related to ICT, programming, blockchain, Artificial Intelli-
gence and Big Data. A student looking for part-time work has the opportunity to 
become a ‘community manager’ instead of waiting tables at a local restaurant. 
‘Learning-by-doing’ is widely recognized in these new fields of expertise, and in-
formal learning and online learning are considered valid ways to gain the skills 
and competences needed for these jobs. Yet, the same trust and enthusiasm 
towards online learning would not seem to be translating into other, non-digital 
sectors and careers. In fact, this distrust is expressed quite explicitly by the high-
est educational authority, the Ministry of Education, through its policy of denying 
re-validation to those foreign university degrees that have included over 50 % of 
e-learning, as well as those foreign postgraduate degrees that have been offered 
fully online (Law N° 30220, Art. 47).  
 
I believe that it is normative frameworks like these that are affecting attitudes and, 
consequently, online distance learning enrollment levels in Peru. According to the 
UTAUT theoretical model developed by Venkatesh and Morris (2003) social in-
fluence – that is, what ‘important others’ in society think – affects significantly our 
willingness to adopt novelty technology. A recent survey (2018) by a Peruvian 
Technical Institute called Instituto San Ignacio de Loyola (ISIL), which interviewed 
600 potential adult online students in the capital city area, revealed that only 42% 
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of male and 31% of female respondents considered that companies would view 
educational credentials obtained through e-learning positively. If we consider em-
ployer perceptions as an indicator of social influence, it is no surprise, then, that 
67% of the respondents would still prefer traditional attendance-based education 
to e-learning.  
 
However, no one has actually studied employer attitudes towards e-learning in 
Peru, and the social influence factor is based merely on assumptions and/or gen-
eralisations. The main objective of this study is, then, to encourage further re-
search on employer perceptions and attitudes towards e-learning by providing a 
first sample of descriptive and qualitative data. This data will not aim at generali-
sations but at gaining valuable insights from a relatively inaccessible group, pav-
ing the way for future research in employer perceptions, digital skills and employ-
ability.  
 

1.1 Study area 
 
The study took place in Lima, Peru, which is a dynamic Latin American capital 
city with more than 13 million inhabitants. As stated above, over one third of the 
total population resides in Lima, and this number is on the rise due to people 
migrating from the poor countryside as well as neighbouring countries, particu-
larly Venezuela. The capital city represents the undisputed political and economic 
heart of the country. Decentralization, as a political process has yet to be carried 
out effectively in Peru, and the rural regions continue to suffer from significant 
inequalities in terms of basic services and infrastructure (Marzi & Zegarra, 2018). 
While many people living in the Andean highlands are lacking running water, 
electricity and connectivity, Lima has enjoyed an impressive economic develop-
ment over the last 20 years, manifested in new high-rise buildings and a fast 
growing middle class. Foreign companies are investing heavily in sectors like 
mining, agriculture and services, which has speeded up the internationalization 
of Lima. This combined with the fact that it is home to the most prestigious re-
search universities in the country, makes Lima clearly more progressive and lib-
eral than the rest of the country. Hence, it has also been a natural frontrunner in 
embracing the new digital economy. 
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The fact that my study took place in Lima was a decision mostly conditioned by 
access. It is also important to note, that the large-scale survey conducted by ISIL 
(2018) on attitudes towards e-learning, which in many ways has informed my 
research design, was also limited to the capital area (Lima & Callao). Since the 
current study aims to shed more light on particular findings of the ISIL study, it 
was logical for the study area to remain the same. My research design does not 
allow making any generalisations, and that is not the aim of this study. I do be-
lieve, however, that it reveals interesting details about the mind-set of a specific 
group of employers that can be considered the most highly educated, internation-
ally orientated and, in some cases, progressive in the country. If such an ‘elite 

group’ of employers tends to make a clear distinction between attendance-based 
higher education and e-learning, I consider it highly likely that such a bias will 
also exist throughout the country. On the other hand, if employers in Lima do not 
express a clear bias against one of the two study formats, I would still consider it 
highly likely that such a bias could exist in other regions of the country. This hy-
pothesis is based on the knowledge gap literature, which argues that people with 
higher socio-economic status are likely to acquire political and scientific 
knowledge at a faster pace than people with lower socio-economic status 
(Trichenor et al., 1970). Considering the regional inequalities exposed earlier, we 
could deduce, then, that attitudes towards e-learning are likely to be more con-
servative in the Andean highlands and Amazon jungle, which currently represent 
the most peripheral regions of Peru. However, testing this hypothesis would merit 
a completely separate, nation-wide study and will not form part of this research. 
 

1.2 Study objectives 
 
When choosing a research question it is important to keep in mind the purpose 
of the research. Research questions take the purposes and the objectives of the 
research and narrow them down into specific, concrete areas of focus. That is, 
they turn a general purpose into specific questions to which specific, data-driven, 
concrete answers can be given (Cohen et al., 2018, pp. 165, 186). Dillon (1984, 
pp. 327-361) has identified seventeen types of research questions, which he re-
fined into four main types: descriptive, explanatory, comparative and normative. 
In this hierarchy, causal questions are at the top, being closest to the purpose of 
scientific inquiry.  
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The purpose of my research is to produce new primary data on Peruvian employ-
ers perceptions on e-learning and on how these affect their evaluation of job can-
didates. A recent study by ISIL shows that widespread pessimism regarding em-
ployer attitudes exists, without much concrete evidence to support it. The ‘gut 

feeling’ of almost 60 % of the male population and almost 70 % of the female 

population between 18 and 45 years old, representing socioeconomic strata 
A/B/C, living in the capital city area, is that e-learning is not viewed positively by 
companies (ISIL, 2018). Since it is probable that these perceptions are seriously 
affecting the levels of e-learning enrolment in Peru, I was interested in collecting 
primary data to answer the following research question and four the sub ques-
tions that stem from it:  
 
Research question: 
 
“Do Peruvian employers perceptions of e-learning include a negative bias against 
job candidates who have obtained their educational credentials through online 
distance learning (ODL)?” 
 
Sub questions: 
 
SQ1: If so, can this bias be described as a dismissive attitude or as something 
more moderate? 
 
SQ2: If so, are there demographic factors that reduce this negative bias?  
 
SQ3: If so, are there any ‘mitigating factors’ that reduce this negative bias? 
 
SQ4: If so, are the employers personal experiences with e-learning associated 
with this negative bias? 
 
Following Dillon’s (1984) hierarchy, my main research question can be catego-
rized as a descriptive research question while the four sub questions would fall in 
the categories of descriptive, explanatory and causal research questions. Since, 
according to Dillon, causal questions are those that offer most added value in 
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scientific research, my study also aims at encouraging further research regarding 
causality in employer perceptions. Shedding more light on the level of dismissive 
attitudes among Peruvian employers is an important starting point for this future 
research, and it represents the main objective of this study. 
 

1.3 Ethical concerns 
 
Ensuring accuracy, reliability, coherence, corroboration, validity, reliability and 
non-traceability are the main ethical concerns related to this study. For accuracy, 
reliability and coherence, we need to make sure that all the relevant data has 
been incorporated and that a fair, coherent and defensible representation of the 
data and their meanings has been presented (Cohen et al., 2018, p. 644). For 
corroboration, validity and reliability, we need to ensure a high level of transpar-
ency throughout our study. By specifying our theoretical assumptions and the 
research methods we use, others can utilize the same assumptions and methods 
to either verify or challenge our conclusions (Whyte, 1993, p. 367).  
 
In terms of non-traceability, several steps were taken to guarantee the anonymity 
and non-identifiability of the respondents, both in relation to the online survey and 
to the semi-structured interviews.  For the online survey, anonymity was ad-
dressed by the aggregation of data, while for the semi-structured interviews it was 
addressed by guaranteeing confidentiality to the respondents. For this end, no 
one besides the researcher participated in the interviews, transcribing or trans-
lating. Interview transcripts were saved and stored using codes instead of names. 
Finally, participants were referred to in Chapter 4 (‘Research findings’) as 
‘they/them’ instead of ‘he/she’ to further protect their identity. 
 
As Cohen et al. (2018) note, all research has an ethical obligation to participants 
to ensure the principle of primum non nocere: do no harm to participants (p. 127). 
In some studies, this principle is guaranteed through respondent validation. That 
is, a reciprocation of preliminary research findings, results, discussion and con-
clusions between the researcher and participants that allows the participants to 
review, add and critique various aspects of the research (Torrance, 2012, pp. 
111-117).  
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In the context of this study, no respondent validation was performed, since a main 
topic of interest was the conscious and unconscious negative bias against job 
candidates whose educational credentials had been obtained through e-learning. 
As a researcher, I was concerned that showing the transcripts to the interviewees 
(influential people very much aware of their public image) before data analysis, 
could lead to a significant level of censorship, which could end up washing out 
the fine nuances of bias that are the main focus of this study. Hence, all interviews 
were handled with great care and caution, in order to protect the identity of the 
interviewees. This included not involving anyone besides the researcher in the 
process of sampling, interviewing, transcribing or handling the interview data.  
 
 

1.4 Thesis outline 
 
This study is organised as follows. In Chapter 2 I will we provide a brief but com-
prehensive literature review related to e-learning, employer perceptions, social 
influence and novelty technology adoption, which will serve as the theoretical 
framework for my research design. It will also situate the research questions that 
I posed earlier inside a wider academic debate. In Chapter 3, I will present the 
research methodology selected for this study. I will also analyse the limitations of 
my sampling and of the methods chosen. In Chapter 4, I will present my research 
findings organized by research questions/hypotheses. In Chapter 5, I will sum-
marize and interpret my findings, make some suggestions for further research 
and engage in a discussion regarding the future of e-learning in Peru.   
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2 E-LEARNING AND EMPLOYER PERCEPTIONS 
 
 
E-learning has been identified as an enabler for people and organizations to keep 
up with changes in the global economy, particularly in the internet era (Carey and 
Blatnik, 2005). Being economical, flexible, and easy to deliver without the con-
straints of time and distance, e-learning is an attractive option for developing 
countries, like Peru (Torres Maldonado et al., 2011).  
 
As presented above, negative employer perceptions could be affecting e-learning 
enrollment and motivation in Peru, representing a bottleneck for institutions want-
ing to promote e-learning as a strategy to bridge socio-economic gaps. This is 
clearly highlighted in the Unified Theory of Acceptance and Use of Technology 
(UTAUT), which is a theoretical model focused on explaining why people choose 
to adopt novelty technology, such as e-learning portals, into their everyday lives. 
However, before turning to the theory that supports the linkage between employer 
perceptions and the proliferation of e-learning in a given country, let us define the 
key concepts present in this study. 
 
 

2.1 Defining concepts  
 
The key concepts used throughout this study are ‘e-learning’ and ‘employer per-

ceptions’. Both can be interpreted in numerous ways, which is why we will start 

by comparing existing literature for a definition that is the most appropriate for the 
purpose of this study.  
 
 
2.1.1 E-learning  
 
As learning technologies and the related theories continue to evolve, practitioners 
and researchers have yet to agree on common definitions and terminologies 
(Lowenthal & Wilson, 2010; Volery & Lord, 2000). Consequently, concepts like 
‘e-learning’ and ‘online distance learning’ are often used interchangeably in aca-
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demic literature (Moore et al., 2011). Some differences can be identified, how-
ever. While e-learning might not allow any real-time (synchronic) interaction be-
tween student and teacher, online distance learning is more associated with live 
webinars and cloud meetings between student and teacher, as well as peers. It 
is for this reason that I will refer more to online distance learning (ODL), especially 
in the final discussion chapter of this study, where I raise specific questions re-
lated to bridging socio-economic gaps and democratizing education in Peru.  
 
Agreeing on one common terminology has not been the only academic challenge 
related to e-learning. Attempts to define e-learning as a theoretical construct have 
also been characterized by a strong lack of consensus. According to the literature 
review conducted by Sangrà et al. (2012), the definitions of e-learning found in 
academic writing can be roughly divided into four categories: 1) technology-
driven, 2) delivery-system-oriented, 3) communication-oriented, and 4) educa-
tional-paradigm-oriented. While the first category emphasises the technological 
aspects of e-learning, the last category defines e-learning as a new way of learn-
ing or as an improvement on an existing educational paradigm (Sangrà et al., 
2012, pp. 148-149). The four main ways to define e-learning are presented in 
Table 2.1, illustrated by examples.  
 
For the purpose of this study, I consider as the most practical choice to go with 
the definition used by ISIL, since in some ways my research represents a follow-
up study to their publication. The definition used by ISIL (2018) is the following: 
 
 E-learning is understood as the transmission of knowledge by means 
 of an educational platform which one can access through the Inter-
 net. E-learning can be free of charge or paid for and its duration can 
 vary. (p. 8) 
 
In the light of the literature review conducted by Sagrà et al. (2012), this definition 
would fall under the ‘delivery-system-oriented’ category, emphasizing the acces-
sibility of resources and not the results of any achievements. Hence, it fails to 
underline the communication, interaction and collaboration that, in my experi-
ence, is characteristic of virtual learning as well as the ‘disruptive’ nature of e-
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learning when it is considered as a chance to do things differently (a good exam-
ple being the opportunities it offers for rhizomatic learning). 
 
TABLE 2. 1 Four ways to define e-learning based on Sagrà et al. (2012) 
 

 
 
 
However, despite of my personal preferences for defining e-learning in a way that 
emphasizes its non-technology-related aspects (i.e. educational-paradigm-ori-
ented definition), ISIL’s definition will serve the purpose of this study. Moreover, 

maintaining the same definition of e-learning in both survey instruments will un-
doubtedly benefit a comparative analysis between the two studies, which will form 
part of my conclusions. 
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2.1.2 Employer perceptions 
 
 
In this study employers are defined as those top executives in employing organ-
isations whose “attitudes towards jobseekers are crucial in the final recruitment 
decisions” and who are “effectively acting as gatekeeper to the labour market’’ 

(Cai, 2013, p. 462).  
 
Employers perceptions or employers beliefs are understood as their cognitive 
frames, which ‘‘enter into the full range of information-processing activities, from 
determining what information will receive attention, how it will be encoded, how it 
will be retained, retrieved, and organised into memory, to how it will be inter-
preted, thus affecting evaluations, judgements, predictions, and inferences’’ 

(Scott, 2008, p. 57). 
 
There are multiple factors and mechanisms that affect employer perceptions and 
beliefs, which have been a topic of interest for universities since the 1990s, when 
the career success of graduates started to be used as a key indicator to measure 
the quality of education. Since then, more studies have started to take account of 
employers views for identifying what higher education should be providing. How-
ever, the results are diverse and even controversial. For instance, as discovered 
by Teichler (2009, p. 11), employers have different perceptions of workers with 
similar educational qualifications, and their views vary according to their different 
traditions, political inclinations and other factors.  
 
In the context of this study, I find the conceptual framework developed by Cai 
(2013) particular useful. It is based on Bailly’s (2008) model of employers beliefs 

regarding the potential of degree holders. He describes a trial and error process 
during which employers perceptions develop through learning from the real per-
formance of recruited employees who hold certain educational credentials. This 
model questions the basic assumptions of both traditional human capital theory 
and job market signalling theory, which suggest that employers are able to make 
an objective and rational evaluation of the employees or job-seekers ability, or at 
least get a clear signal of it, based on specific educational credentials (Cai, 2013, 
p. 459). 
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Bailly (2008) argues that the validity of both human capital and job market signal-
ling hypotheses depends on the employers belief systems. As belief systems 
control the individuals unconscious, they also govern employers decisions on em-
ployment. According to Bailly, employers make decisions on recruitment based 
on their beliefs in three stages. The first stage includes evaluating initial signals 
(i.e. making an unexperienced decision based heavily on the candidates educa-
tional credentials). The second stage can be described as trial and error, where 
the employer goes through a process of ‘private learning’, while all market partic-

ipants who observe the employee’s actual job performance go through a process 

of ‘public learning’. In the third stage, equilibrium is reached, as the employer has 
finally learned the candidate’s ‘true’ value (either by adjusting his original beliefs 
or by getting validation for them).  
 
Cai (2013) has argued, however, that Bailly’s model suffers from several limita-
tions. These include the fact that there is no explanation on how initial signals are 
developed and perceived by the employers. Second, it does not theoretically ex-
plain the mechanisms underlying the public learning process. Third, it is unclear 
whether there are other factors possibly affecting the employers beliefs. Hence, 
he suggests an extension to Bailly’s conceptualisation to a more comprehensive 
framework for understanding how employers make decisions on recruitment 
based on their beliefs, using insights from the new institutionalism. From the per-
spective of institutionalism, employers beliefs are developed within institutional 
frameworks. What affects the creation of an institutional framework is a process 
of system structuring. Compared to actor structuring, system structuring takes a 
longer time. It takes place at the level of an entire group, or in an organisational 
field. When some employers start to hire graduates with e-learning credentials, 
the performance outcomes of the employees will become benchmarks for the 
employers to adjust their beliefs. This has been described as a process of ‘private 
learning’. The consequences of private learning can also have an impact on the 
reproduction of institutions in the organisational field through public learning. For 
instance, some employers may imitate other companies that have been success-
ful in recruiting people with e-learning qualifications in terms of enhancing produc-
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tivity. As such, the collective sense making is developed through mimetic learn-
ing, which occurs when actors facing uncertainty try to emulate successful organ-
isations as a solution.  
 
 

 
FIGURE 2. 1 Factors and mechanisms affecting employers perceptions regard-ing the potential of job-seekers (Cai, 2013, based on Bailly, 2008) 
 
Cai’s conceptual framework (2013) complements Bailly’s model (2008) by recog-

nizing additional factors and mechanisms, such as ‘exogenous factors’, ‘system 

structuring’, and ‘actor structuring’, that affect employers belief systems before, 

during and after they make recruitment decisions (see Figure 2.1). I have circled 
in red the particular stage where, according to this theory, most institutional efforts 
should be concentrated to influence employers beliefs regarding e-learning qual-
ifications. This analysis is useful, as I now move on to examine why employer 
perceptions are so important for the successful proliferation of e-learning in Peru.  
 
 

2.2 Why do employer perceptions matter? 
 
Now that we have more clarity on the factors and mechanisms that affect em-
ployers perceptions of job candidates, it is time to focus on why employer per-
ceptions actually matter to the future of e-learning. To me, this topic represents a 
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classic ‘chicken or the egg’ –dilemma. That is, it is unlikely that effective e-learn-
ing proliferation will happen if employers do not appreciate e-learning, and, on 
the other hand, employers are unlikely to appreciate e-learning if they do not go 
through the process of trial and error, suggested by Cai (2013), which can only 
happen if they actually interact with job candidates with e-learning credentials.  
 
This analysis is supported by several theoretical models that address consumers 
adoption of new technologies (Lai, 2017). For the purpose of this study, I will refer 
to one of the latest theories, known as UTAUT (Unified Theory of Acceptance 
and Use of Technology). After presenting how, in theory, employer perceptions 
relate to e-learning motivation and enrolment, I will move on to highlight this fact 
using recent empirical studies conducted in Peru.  
 
 
2.2.1 The UTAUT model: linking social influence with intention of use 
 
The Unified Theory of Acceptance and Use of Technology (UTAUT) was devel-
oped by Venkatesh, Morris, Davis and Davis (2003) through a review and merger 
of different theories, based on several previous technology adoption models (Lai, 
2017). The model states that four key constructs – performance expectancy, ef-
fort expectancy, social influence, and facilitating conditions – predict technology 
usage intention and behaviour in consumers (Venkatesh et al., 2003). The 
UTAUT model is also suitable for analysing e-learning portal acceptance, as was 
done by Torres Maldonado et al. (2011) in a study conducted in Peru. In addition 
to the aforementioned four key constructs, the UTAUT model also hypothesizes 
the role of four key moderator variables: gender, age, experience, and voluntari-
ness of use (Torres Maldonado et al., 2011, cited in Ruuskanen et al., 2019).  
 
The UTAUT model defines performance expectancy as “the degree to which an 

individual believes that using the system will help him or her gain the desired 
performance” (Venkatesh et al., 2003, p. 447). According to Lai’s interpretation 

(2017) performance expectancy can also be viewed as a combination of per-
ceived usefulness, extrinsic motivation, job-fit, relative advantage and outcome 
expectations. The second key construct, effort expectancy, is defined by the 
UTAUT model as “the degree of ease associated with the use of the system” 
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(Venkatesh et al., 2003, p. 450), which refers to a combination of perceived ease 
of use, complexity associated with the task and actual ease of use (Torres Mal-
donado et al., 2011). Social influence is defined by UTAUT as “the degree to 

which an individual perceives that important others believe he or she should use 
the new system”, while facilitating conditions are defined as “the degree to which 

an individual believes that an organisational and technical infrastructure exists to 
support use of the system” (Venkatesh et al., 2003, pp. 451, 453, cited in Ruus-
kanen et al., 2019). According to Venkatesh and Davis (2000), in a context where 
technology use is mandatory, the role of social influence weakens over time and 
eventually becomes irrelevant with constant technology usage. However, it rep-
resents an important factor in the early stages of technology usage.  
 
In this study, I will argue that Peru is still in the early stages of e-learning platform 
usage, due to a significant digital divide. Consequently, social influence – under-
stood as the degree to which potential users perceive that important others (such 
as employers) believe they should use the system – continues to be an important 
factor affecting behavioural intentions in Peru. This claim is also supported by 
empirical studies that I will turn to next.  Figure 2.2 aims to illustrate the interplay 
between the different theoretical constructs and moderating variables of the 
UTAUT model when linked to the topic of e-learning.  

 
FIGURE 2. 2 How social influence affects the intention to use an e-learning portal (based on the UTAUT model developed by Venkatesh, Morris, Davis and Davis [2003]).   
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2.2.2 Previous studies conducted in Peru 
 
One of the starting points of my study is the argument that employer perceptions 
are important and that they should be taken into account in order to successfully 
disseminate e-learning in Peru. My affirmation that employer perceptions matter 
is founded, on one hand, on the UTAUT model, which claims that people adopting 
novelty technology care about what ‘important others’ (such as employers) think. 

On the other hand, it is supported by a recent survey conducted in Peru regarding 
potential adult students habits and attitudes towards e-learning (ISIL, 2018).  
 
The fact that the UTAUT model has been empirically validated in the Peruvian 
context is worth a special mention here. In 2011, UTAUT was adopted by Torres 
Maldonado, Gohar, Moon and Jae for a study on e-learning motivation and edu-
cational portal acceptance in Peru. The objective of the study was to empirically 
validate a modified UTAUT model by adding an ‘e-learning motivation’ construct 
in the Peruvian context. The study found that ‘e-learning motivation’ and ‘social 

influence’ had a positive effect on behavioural intention, while ‘facilitating condi-

tion’ had no effect on e-learning portal use. Furthermore, use behaviour had a 
positive influence on e-learning motivation while ‘region’ played a moderating role 
and gender did not. (Torres Maldonado et al., 2011, cited in Ruuskanen et al., 
2019, p. 470.) 
 
While the study by Torres Maldonado et al. (2011) shows how the ‘social influ-

ence’ construct affects the intention of use in relation to e-learning portals in Peru, 
the fact that the study was based on surveys conducted in schools, takes it quite 
far from my main line of argument. Hence, I would like to bring up a second recent 
study undertaken in Peru, which I feel will help support my claim that employer 
perceptions matter in e-learning proliferation. 
 
The study titled “Habits and Perceptions of E-learning”, was published by a pri-

vate Peruvian Technical Institute called ISIL (Instituto San Ignacio de Loyola) in 
May of 2018. Data was collected from 600 potential adult students in the capital 
city of Lima and its sphere of influence (Callao), with the objective of learning 
more of its target audiences habits and attitudes towards online distance learning. 
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The majority of respondents expressed a preference for attendance-based edu-
cation over online distance learning, and no direct correlation was found between 
Internet use and positive e-learning attitudes (Ruuskanen et al., 2019, p. 470). 
The fact that a significant amount of respondents (43%), living in the highly con-
nected capital city and representing socioeconomic strata A/B/C, were hesitant 
or unwilling to try online distance learning, regardless of connectivity and access, 
represents, to me, the most surprising finding. However, it becomes much less 
surprising, if we use the UTAUT model as our framework. If we consider that 
social influence and intention of use are connected, we can draw the conclusion 
that those respondents unfamiliar with e-learning, who are hesitant to try it, could 
be feeling unmotivated by their belief that e-learning is not positively viewed by 
companies. If that were the case, could an empirical study that collected evidence 
on the real views and perceptions of a relatively large group of companies be 
helpful in busting myths and generating trust and curiosity towards new ways of 
learning?  
 
I believe the answer is ‘yes’, which is why I decided to undertake the process of 

recollecting a relatively large sample from a traditionally difficult to reach ‘elite 

group’ of employers. While not aiming at generalisations, I strived for collecting 

valuable information that would be useful for future research, both for its scope 
and depth. This required coming up with a practical and viable research design 
that would still be ‘fit for purpose’. It is to this design process, that I turn to next.  
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3 METHODOLOGY 
 
 

3.1 Methodological approach 
 
When planning research, it is important to have a clear understanding about the 
differences between methodology and methods, approaches and instruments, 
styles of research and ways of collecting data. A methodological approach refers 
to the type of research we want to undertake (for example a survey, an experi-
ment, an in-depth ethnography, action research, case study research, testing and 
assessment) while a research method refers to the specific data collection instru-
ments we want to use (for example interviews, questionnaires, observation, tests, 
accounts, biographies, case studies, role-playing, simulations or personal con-
structions). The chosen methodological approach defines how we find out about 
the phenomenon and justifies the research methods used. (Cohen et al., 2018, 
p.186.) 
 
The methodological approach I chose for this study is the mixed methods ap-
proach, which is rooted on the widely accepted idea that different methodological 
approaches can be combined in social and educational research (i.e. Tashakkori 
and Tedllie, 2003; Creswell and Plano Clark, 2007). Based on this basic principle, 
David Plowright (2011) has developed a specific structure for conducting small-
scale social and educational research projects, which he calls the “Frameworks 

for an Integrated Methodology” (FraIM). The FraIM rejects the traditional dichot-

omy between ‘qualitative methods’ and ‘quantitative methods’ and aims at sup-

porting the integration of different elements of the research process to ensure the 
effective and successful study of educational or social phenomena (p. 15).  
 
As Figure 3.1 shows, there are a number of stages in the FraIM, the starting point 
being the definition of the main research question. It is this choice that will later 
guide the choice of cases/participants, the methods of data collection to be used, 
the type of data to be collected and how the data will be analysed.  
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FIGURE 3. 1 The main FraIM for conducting small-scale educational research by David Plowright (2011) 
 
According to Plowrigth (2011):  
 
 Unlike most approaches to research, the FraIM does not dictate that 
 you have a particular philosophical position prior to beginning the re-
 search. It encourages a more responsive, flexible and open-minded 
 attitude based on answering one or more research questions, finding 
 a solution to a problem or addressing an important issue (p. 19.) 
 
Plowright also emphasises that the process is not necessarily as linear as Figure 
3.1 suggests, but can also include a process of iteration, where the researcher 
will move from one stage to the next and then back again. What FraIM pretends 
to offer, then, is a template, to help the thinking process and to help guide the 
research process (p. 20).  
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My mixed method research relied heavily on the survey methodology. According 
to Cohen et al. (2018, p. 334), a survey is useful, among other things, for sup-
porting or refuting hypotheses about the target population. This fits well with the 
overall objective of this study, which is to shed more light on employer attitudes 
towards e-learning qualifications – assumed negative by the majority of potential 
adult online students in Lima (ISIL, 2018).  
 
 
3.2 Operationalization of key variables 
 
Research questions can ask ‘what’, ‘who’, ‘why’, ‘when’, ‘where’ and ‘how’ 

(Newby, 2010, p.65-6). In this study, I am concentrating on the ‘what’ (employer 

perceptions) and the ‘why’ (linkages with demographic factors, mitigating factors, 

and personal experiences).  
 
The first step in the efforts to answer my research question and four sub ques-
tions was the operationalization of the key variables. Operationalization is the 
process of strictly defining variables into measurable factors (Cohen et al., 2018, 
p. 170). This allows others to replicate the research, even when fuzzy concepts, 
like ‘perceptions’, are used. It also allows the researcher to perform statistical 
analysis of the results. Hence, the operationalization of key variables was an im-
portant first step in my research and a precondition for designing my online ques-
tionnaire (see Appendix 1).   
 
An example of operationalization is to define, for example, who are the ‘Peruvian 

employers’ and what is meant by ‘perceptions of e-learning’, before attempting to 

answer the research question:  
 
Do Peruvian employers perceptions of e-learning include a negative bias against 
job candidates who have obtained their educational credentials through online 
distance learning (ODL)? 
 
In terms of the sub questions, 

 If so, can this bias be described as a dismissive attitude or as something 
more moderate?  
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 If so, are there demographic factors that reduce this negative bias?  
 If so, are there any ‘mitigating factors’ that reduce this negative bias?  
 If so, are the employers personal experiences with e-learning associated 

with this negative bias? 
 
I needed to define ‘personal experience with e-learning’ before attempting to an-
swer them. A systematic operationalization of key variables ensures that re-
search questions can be answered and hypotheses can be tested in a concrete 
and data-driven way (Cohen et al., 2018, p. 170-1). 
 
The five hypotheses derived from my research question and four sub questions, 
all of which will be tested using descriptive statistics, are the following: 
 
H1 = Employers display a dismissive attitude towards job-seekers with educa-
tional credentials obtained through ODL. 
 
H2 = Employers negative bias against ODL is mitigated by the fact that the ac-
crediting institution is prestigious. 
 
H3 = Employers negative bias against ODL is mitigated by the fact that the ac-
crediting institution is foreign.  
 
H4 = Employers do not believe that ODL offers effective networking.  
 
H5 = There exists a linkage between employers personal experience with e-learn-
ing and their level of bias against job candidates who have obtained their educa-
tional credentials through ODL. 
 
The operationalization of my key variables is presented in Table 3.1. Association 
between the independent variable and the dependent variables were tested for 
size of effect using the SPSS software (see Chapter 4 for ‘Research findings’).  
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TABLE 3. 1 Operationalization of key variables 
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3.3 Data acquisition  
 
As mentioned before, my research design follows the Framework for an Inte-
grated Methodology (FraIM) developed by David Plowright (2011). Research 
based on the FraIM argues that there are three types of data generation and 
collection: observation, asking questions and artefact analysis, which refers to 
objects or events that are produced by people. Examples of artefact analysis in-
clude publicity brochures, diaries, theatre and dance (p. 27). For the purpose of 
this study, I chose the second type of data generation and collection: to ask ques-
tions.  
 
The process of asking questions was done mainly through an online survey. It is 
important to note that in online surveys the researcher uses non-probability, vol-
unteer sampling, which may reduce the generalizability of the findings (Cohen et 
al. 2018, p.372). This was also the case with my survey, which targeted ~100 top 
executives working in companies and organizations located in Peru. These indi-
viduals were selected from the professional contact list I have built during my 8-
year-long professional career as a Political and Commercial Advisor at the Finn-
ish Embassy in Lima. I was careful to choose representatives of reputable com-
panies and organizations of different sizes, ranging from SMEs to multinationals. 
I also made a special effort to target a significant amount of female respondents, 
as well as people representing different age groups. All targeted individuals were 
currently holding or had recently held a position of significant decision-making 
power inside their respective organizations (i.e. CEOs, Directors and top execu-
tives).  
 
The online survey was complemented by five semi-structured, face-to-face inter-
views, categorized by Hochschild (2009) as ‘elite interviews’. This data collection 
method was crucial not only for digging deeper into the topics that were briefly 
covered in the survey, but also to get an indication if something crucial was left 
out of the questionnaire. According to Hochschild, elite interviews complement 
surveys in that they can confirm, disconfirm or transform one’s hypothesis, setting 
up alternative research strategies or making sense of what has been extracted 
from those strategies.  
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Finally, it is important to note that the integrated approach (FraIM), presented in 
Section 3.1, underlines the fact that narrative data can be transformed into nu-
merical information and numerical data can be described using narrative (Plow-
right, 2011, p. 32). Hence, no strict lines should be drawn for the analysis only 
based on the data collection method. 
 
 
3.3.1 Sampling 
 
Sampling bias is a major concern for online surveys, just like for any other type 
of surveys (Cohen et al., 2018, p. 372). Inadequate sampling can over-represent 
or under-represent a certain respondent-type. It will also undermine attempts to 
analyse data using inferential statistics, which aims at reaching conclusions about 
the general population (in this case, all Peruvian employers).  
 
Since I had decided to restrict my data analysis to descriptive statistics, random 
sampling was not required. Instead, I used a so-called ‘purposive sample’ (Morse, 
2004), where potential respondents were classified based on their employer and 
their position inside that organization. After this first classification, the respond-
ents were recruited (or not) for the questionnaire. My classification process did 
not include a preliminary classification questionnaire, which is common practice. 
Instead, my recruitment of respondents was based on the contact list I had built 
on the social media ‘LinkedIn’ during my 8-year-long career at the Finnish Em-
bassy in Lima. My classification process included going through all of the +2,200 
professional profiles on my contact list, screening them for current employer and 
job title. The age and the sex of the respondents also played a part in the classi-
fication process, since I aimed at a diverse sample. The main effort was put, how-
ever, on trying to find individuals with a lot of decision-making power inside their 
respective organizations. In other words, I aimed to compile a list of individuals 
that could somehow represent the views of ‘Peruvian employers’. The recruited 
sampling was also complemented at one point by ‘viral sampling’, also known as 
snowball, network, chain, referral and reputational sampling (Blaikie, 2000, p. 
205). This type of sampling took place when one of the top executives I had re-
cruited as a respondent offered to share the link to my survey in a WhatsApp 
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group consisting of members of the board of an important Chamber of Com-
merce. After evaluating the prestige and representativeness of the institution, I 
accepted the offer.  
 
According to Cohen et al. (2018, p. 372) opportunity samples (of particular 
groups) may restrict the generalizability of the research. However, this may be no 
worse than in conventional research, and may not be a problem, as long as it is 
acknowledged. In terms of sample size, I followed the general rule in statistics of 
‘the more, the better’. Since my study does not aim at generalizations, there was 
no minimum requirement for sample size. After careful consideration, I decided 
that ~100 responses would be a number I could consider representative and 
meaningful in the light of my research objective. An ambitious target, which be-
came more viable using an online survey. 
 
Later, for the semi-structured elite interviews, I continued to use non-probability 
sampling. Non-probability sampling involves selecting cases that do not neces-
sarily represent groups outside the research. Yet, they are chosen because the 
researcher knows that they have information that will contribute directly to an-
swering the research question (Plowright, 2011, p. 53). For my semi-structured 
interviews, I used a combination of convenience sampling and purpose sampling. 
Convenience sampling means that I, as a researcher, used my existing contact 
network to gain access to industry leaders (high representatives of large em-
ployer associations) in order to convince them to grant me an interview. Purpose 
sampling means I targeted a specific respondent profile (influential role in society) 
for a specific purpose (to be exposed to the dominant discourse at the very top 
of the entrepreneurial ecosystem).  
 
I chose the respondents from my professional contact network using convenience 
and purpose sampling. I classified the respondents in order of preference, start-
ing by those I considered the most influential, experienced and active in public 
debate. I also ensured diversity in terms of sex, age and type of industry/eco-
nomic activity. Finally, I excluded any respondents that worked in the education 
sector or developing/selling virtual education platforms, in order not to skew the 
results of the study. 
 



32 

 

 
3.3.2 Online survey  
 
The first part of my data collection process took the form of an online survey. I 
chose this method for data collection for the reduced costs and efficiency it rep-
resented in relation to paper-based surveys, which require paper, printing facili-
ties, time spent in data entry and in processing data, interviewers etc. With a web-
based survey, data capture and processing can happen in real-time, increasing 
the efficiency of the research process (Cohen et al., 2018, p. 361-362).  
 
The fact that I chose an online survey as my main data collection method also 
had a lot to do with access. Since I needed to target a very specific type of pop-
ulation (CEOs, Directors and top executives), who are usually very short of time 
and reluctant to answer questionnaires, I needed to offer them an easy, quick, 
flexible and non-traceable way to answer my questions at a time best suited for 
them. An online questionnaire is also less likely to be misplaced or ignored, since 
one can send reminders about it electronically. Moreover, human error is re-
duced, since the software can alert the interviewee if there are answers missing 
or if something was not filled out properly. Finally, data can be easily exported 
into software like SPSS for processing and subsequent analysis.  
 
The respondents to an online survey might also be more honest if their responses 
are anonymous and not face-to-face (Cohen et al., 2018, p. 362). This was a very 
relevant point in relation to my particular case, where I felt CEOs or Country Di-
rectors of large companies might have personal prejudice against e-learning or 
e-qualifications, but feel like expressing these views could harm the company 
image. For example, a CEO that has had bad experiences with online learning, 
but whose company publicly embraces digital transformation and has sponsored 
internet access for rural schools as part of its corporate social responsibility pro-
gram, might feel hesitant to make negative statements regarding e-learning – 
even to a researcher. According to Cohen et al. (2018, p. 362), this type of ‘re-

searcher effect’ may be significantly reduced in online surveys.  
 
It is important to acknowledge, however, that online surveys are also considered 
to have several potential or actual disadvantages in comparison to a conventional 
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survey. The electronic survey request might be rejected as spam; respondents 
might lack technical expertise or face technical problems to complete the survey; 
the respond rates can be low if the survey is too long; verifying the identity of the 
respondent is more complicated; the survey might be completed several times by 
the same person in order to obtain a reward or a prize; and the quality of the 
responses, especially in a long survey, might be low as respondents might start 
to tick any box just to reach the end (Cohen et al., 2018, p. 362-363). In the par-
ticular context of my research, I consider all of these risks to be quite low. Top 
executives are likely to be computer literate; I sent the survey request to the re-
spondents through LinkedIn and WhatsApp, thus minimizing Spam filters; the 
survey platform I used only allows one submission per device; there were no re-
wards or other concrete incentives to complete the survey untruthfully; and, most 
importantly, the survey was kept extremely short and simple. This was the biggest 
trade off I made in my research design in order to guarantee a high response rate 
and high quality answers.   
 
The online questionnaire was comprised of ten closed, multiple choice/response 
questions (see Appendix 1). The average response time for the whole question-
naire was 2 minutes and the questionnaire was filled out on the SurveyMonkey 
platform, which guaranteed the anonymity and non-traceability of the respond-
ents. After considering different strategies to get top executives of important na-
tional and international organizations to participate in my study, I opted for a very 
short online questionnaire that would be sent out to them using instant messaging 
features of social media platforms. This strategy resulted effective, engaging an 
important number of private and public sector leaders to fill in the questionnaire.  
 
In terms of the design of the questionnaire, I used a simple template offered by 
SurveyMonkey. Following recommendations by Dillman et al. (2014), I avoided 
forced responses and offered, instead, categories like “I do not recall”, “Not ap-

plicable” and “Other”, to keep respondents from abandoning the survey. I also 
avoided the use of drop-down boxes which can be easily unnoticed by respond-
ents. Moreover, following recommendations by Redline et al. (2003), I kept the 
response categories below seven to avoid the ‘primacy effect’ and the ‘satisficing 

principle’ – that is, a respondent being naturally inclined to choose one of the first 
options in a list, especially if it is a long list, when the first reasonable option is 
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most often chosen. According to Redline et al., this is especially true when re-
spondents are asked for opinions and beliefs rather than facts (level of studies, 
for example). Hence, I paid particular attention to the ‘primacy affect’ and the 

‘satisficing principle’ while formulating the question regarding attitudes towards 

job applicants with e-qualifications. As a result, I kept the response categories 
below seven and located the two most extreme response options (the most neg-
ative attitude towards e-qualifications and the most positive attitude towards e-
qualifications) as the first two options, followed by some moderate options and, 
finally, the option “I do not identify with any of these attitudes”.  
 
Initially, 91 people responded to the online survey. Four cases had to be excluded 
because they answered the question Q4: “The size of the organization I currently 
work in…” with the option “I am not currently working nor have I worked for the 
last 24 months in a top management position”. I also excluded six cases that 
stated to represent a microenterprise (under 10 employees) since I considered 
them to have too limited of a ‘gatekeeper role’ (Cai, 2013) in relation to the gen-

eral employment market. I had also added a filter affirmation to the question Q10 
which read: “I work developing or selling online education products”. In case 
someone would have chosen this option, their answers would have been ex-
cluded from the data, in order not to skew the results of the study. These filters 
left me with 81 complete and valid surveys for quantitative analysis.  
 
Two thirds of the respondents were male, despite active efforts to achieve a di-
verse sample. Roughly two thirds of the respondents owned or worked for large 
companies (over 200 employees), were over 45 years old, held a postgraduate 
degree and worked for the service sector. A more detailed demographic profile 
of the respondents (gender, age, level of education, company size and sector) is 
displayed in Table 3.2.  
 
Even if such a limited questionnaire did not permit me to dig very deep into the 
perceptions of these 81 top executives that represent an influential elite in Peru, 
it did expose a few important trends that I explored further during five semi-struc-
tured interviews. 
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TABLE 3. 2 Demographic profile of survey respondents 
 

 
 
 
3.3.3 Semi-structured ‘elite interviews’ 
  
My view on research follows the social constructivist approach, which sees 
knowledge as something that cannot be ‘collected’ during an interview in the 

same way that a miner extracts minerals from the ground (Cohen et al., 2018, p. 
506.). Instead, knowledge is viewed as something that is being constructed be-
tween participants during a social, interpersonal encounter, like an interview. As 
such, an interview is not considered exclusively subjective or objective, but inter-
subjective (Ibid.).  
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An interview is considered a useful and flexible tool for data collection, allowing 
room for spontaneity, even if the order of the questions is pre-determined. 
Hochschild (2009) notes that interviews can complement surveys in the sense 
that they can explore issues in depth, to see how and why people frame their 
ideas in a certain way, how and why they make connections between ideas, val-
ues, events, opinions and behaviours etc. In other words, interviews can be used 
to shed more explanatory light on survey data, or to set up a survey. In my case, 
I used five semi-structured face-to-face interviews with influential business lead-
ers to complement my surveys. Hochschild (2009) considers this type of ‘elite 

interviews’ a good strategy for making more sense of general survey data.  
 
After analysing the survey data using SPSS, I designed an interview guide for the 
semi-structured interviews. According to a checklist published by Harvard Uni-
versity (“Strategies for Qualitative Interviews”, n.d.), such a guide should be very 
simple, reminding the researcher of necessary topics to cover, questions to ask 
and areas to probe. It should not shift focus from the respondent, nor should it 
resemble a survey. In my case, the interview guide was drafted considering a 
total interview time of 30 minutes (see Appendix 2). Since only 3.7% of survey 
respondents had affirmed that “none of these options reflect my attitudes [towards 
job-candidates with educational credentials obtained through ODL]”, I felt com-
fortable using the same themes and topics presented in the online survey as a 
basis for my interview guide. 
 
One of my main concerns related to the semi-structured interviews had to do with 
the ‘interviewer effect’, referring to the influence that my mere presence could 

have on their responses. Consequently, the first five minutes were reserved ex-
clusively for reassuring the respondents of anonymity and confidentiality, since I 
suspected them to be very self-conscious otherwise. The following 20 minutes 
were reserved for the interview itself and the last five minutes for describing the 
purpose of the study in more detail. Leaving this explanatory part until the end 
was a deliberate choice, aiming at avoiding respondents adjusting their answers 
based on their interpretation of what I wanted to hear. 
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3.4 Data analysis 
 
The data collected for my study included both quantitative data (‘how many, how 

much, how often’) and qualitative data (‘what type’). The data was collected 

mainly through an online survey, which was complemented by five semi-struc-
tured ‘elite interviews’. The data collected was analysed using descriptive statis-
tics and the qualitative method of analytic induction.  
 
 

3.4.1 Descriptive statistics 
 
My overall data analysis process began with the statistical analysis of my online 
survey data using the SPSS software. Even though quantitative data analysis is 
often associated with large-scale research, it can also serve smaller-scale inves-
tigations, which include case studies, action research, experiments and correla-
tional research (Cohen et al., 2018, p. 725).  
 
The method I used is called descriptive statistics, which is the term given to the 
analysis of data that helps describe, show or summarize data in a meaningful 
way so that, for example, patterns might emerge from the data. In other words, 
descriptive statistics simply report what has been found, without attempting to 
infer or predict population parameters (Cohen et al,. 2018, p. 727). As explained 
in section 3.3.1, such an attempt would not have been feasible considering the 
limitations of my sampling.   
 
Trying to establish relationships between variables is the goal of much educa-
tional research (Cohen et al., 2018, p. 765). In the context of my research, I was 
interested in determining if factors such as the respondents’ age or their previous 

experience with virtual education platforms affected their attitudes towards job 
candidates with ODL certificates or diplomas. In statistical data analysis relation-
ships can be established by using correlational techniques, which aim to answer 
three questions about two variables or two sets of data:  
 
1) Is there a relationship between the two? 
2) What is the direction of the relationship? 
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3) What is the magnitude of the association?  
 
Relationship in this context refers to any tendency for the two variables to vary 
consistently (Cohen et al., 2018, p. 767). Since missing data can damage the 
precision or correctness of analysis, I paid special attention to the length and 
simplicity of my questionnaire, aiming to avoid respondents skipping questions.  
 
 

3.4.2 Analytic induction  
 
Qualitative data analysis is concerned with moving from the data to understand-
ing, explaining and interpreting the phenomena in question. This includes organ-
izing, describing, and making sense of data (Cohen et al., 2018, p. 643). This 
type of data analysis is not straightforward, however. There is no single or correct 
way to analyze and present qualitative data and one should always take into ac-
count fitness for purpose (Plowright, 2011).  Analysis often merges with interpre-
tation and data collection and data analysis may take place simultaneously, in a 
back-and-forth process (Cohen et al. 2018, p. 643).  
 
The first step in any qualitative data analysis is data reduction. This does not refer 
to disregarding data, simply distilling the key points of the phenomenon in ques-
tion (Gläser and Laudel, 2013). Data reduction is followed by data analysis and 
interpretation, conclusion drawing and verification. During data analysis, special 
care needs to be taken to avoid privileging one interpretation (e.g. the re-
searcher’s) over another, if both are sustained by the data (Cohen et al., 2018, p. 
644).  
 
After transcribing and translating the five semi-structured ‘elite interviews’ from 

Spanish to English, I immersed in a process of qualitative data reduction and 
analysis called analytic induction. According to LeCompte and Preissle (1993, p. 
254), this process includes the scanning of data to generate categories or phe-
nomena; the seeking of relationships between these categories; the writing of 
working typologies and summaries on the basis of the data examined; the refining 
of these by subsequent cases and analysis; and, finally, the deliberate seeking 



39 

 

of negative and discrepant cases to modify, enlarge or restrict the original expla-
nation or theory.  
 
In my case, it meant organizing and categorizing my qualitative data into key 
concepts and key points, identifying linkages and relationships between the data, 
being alert to contradicting data, and, finally, summarizing the data using tabula-
tion (see Tables 4.2 & 4.7 in Chapter 4). 
 
According to Cohen et al. (2018, p. 647), in abiding by the principle of ‘fitness of 

purpose’, the researcher must be clear on what she/he wants the data analysis 
to do. In the context of this study, the objectives of the qualitative data analysis 
were to identify, to describe, to explore, to discover patterns, to explain and to 
raise issues. In other words, the analytic induction aimed at adding depth to the 
statistical analysis, with elements of the narrative offering context to the studied 
phenomenon. In addition, contrasting the narrative data with the statistical data 
aimed at helping me identify any important themes or topics that might have been 
left out of the online questionnaire (described as ‘residual data’ by Cohen et al., 
2018, p. 662).  
 
 

3.5 Limitations 
 
The first clear limitation of my study has to do with my sample, especially its size. 
A limited sample of 81 cases makes it impossible for me to perform inferential 
statistics, which would allow me to reach conclusions about a general population, 
based on probability. According to Cohen et al. (2018, p. 727), while simple fre-
quencies and descriptive statistics may sometimes speak for themselves, and the 
careful portrayal of descriptive data may be important, inferential statistics are 
often more powerful and valuable for researchers. The fact that I am relying on 
non-probability, volunteer sampling instead of random sampling may also reduce 
the generalizability of my findings (Ibid).  You might also be asking yourself why 
my sampling has targeted CEOs and other top executives, when large companies 
usually outsource their recruitment processes. The answer is that top executives 
still make the last call and choose between two or three top candidates. If the 
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company culture, which is very much dependent on top managements percep-
tions and beliefs, does not have appreciation for e-qualifications, the head 
hunter/recruitment agency will likely pick up on that during the briefing and use it 
as a filter. 
 
Another clear limitation of this study has to do with the limited explanatory power 
of descriptive statistics. While one of my focuses has been to look for correlations, 
I am aware of the fact that correlation does not imply cause. Just because two 
variables move in tandem does not mean that one variable is affecting the other. 
A clear example of this is a person with large hands and feet. There is a positive 
correlation between big hands and feet, but this does not imply that big hands 
cause big feet. This was important to keep in mind while I tested my hypothesis 
H5 (“There exists a linkage between employers personal experience with e-learn-
ing and their level of bias against job candidates who have obtained their educa-
tional credentials through ODL”). 
 
In conclusion, there are many notable limitations to descriptive statistics, such as: 
the direction of causality is not often clear; causality may be bi-directional or multi-
directional; assumptions of association might not be assumptions of causality; 
there may be a range of other factors that might have bearing on a dependent 
variable; there may be causes (independent variables) behind the identified 
causes (independent variables) that have a bearing on the dependent variable; 
the independent variable may cause something else, and it is the something else 
that causes the outcome (dependent variable); causality may be non-linear rather 
than linear; the direction of the relationship might be negative rather than positive; 
the strength/magnitude of the relationship might me unclear. Hence, the re-
searcher has to make a fundamental decision about whether, in fact, the relation-
ships are linear or non-linear, and select the appropriate statistical tests with 
these considerations in mind (Cohen et al., 2018, p. 728-9). 
 
The explanatory limitations of descriptive statistics underline the importance of 
the qualitative part of my data analysis. Since I will not try to reach conclusions 
about what all Peruvian top executives think but, instead, on what some of them 
think and why, semi-structured interviews and their thematic analysis will play a 
crucial part in connecting ideas and understanding cause and effect.  
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Nonetheless, qualitative data presents several challenges, too. First, data are so 
rich that analysis involves selecting and ordering on the part of the researcher. 
This might involve some personal bias to which the researcher needs to be alert 
(Cohen et al., 2018, p. 649). Moreover, my subjective features as a researcher 
might include: data overload (humans may be unable to handle large amounts of 
data); giving too much importance to my first impressions (early data analysis 
tends to affect later data collection and analysis); availability of people (e.g. how 
representative these are and how to know if missing people and data might be 
important); information availability (easily accessible information may receive 
greater attention than hard-to-obtain data); positive instances (researchers may 
over-emphasize confirming data and under-emphasize disconfirming data); inter-
nal consistency (the unexpected, unusual or novel may be under-treated); une-
ven reliability (the researcher might overlook the fact that some sources are more 
reliable/unreliable than others); missing data (the issue for which there are in-
complete data may be overlooked or neglected); revision of hypotheses (re-
searchers may over-react  or under-react to new data); confidence in judgement 
(researchers might have greater confidence than is tenable in their final judg-
ments); co-ocurrance may be mistaken for association; inconsistency (subse-
quent analyses of the same data may yield different results). Hence, great caution 
and self-awareness must be exercised by the researcher in conducting qualitative 
data analysis, as the analysis of the findings may say more about the researcher 
than about the data. (Ibid, p. 665-6.)  
 
Finally, as I embark on the data analysis process, I need to be fully aware of the 
fact that I bring to the data my own preconceptions, interests, biases, prefer-
ences, biography, background and agenda. Fact and interpretation are insepara-
ble here, which makes reflexivity a crucial part of data analysis. 
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4 RESEARCH FINDINGS 
 
 
Data analysis can be driven by people/respondents or by issues (Cohen et al., 
2018, p. 662). In the context of this study, all of the data has been organized, 
analysed and presented by research question/hypothesis. In this approach, all 
the relevant data from various data streams (i.e. semi-structured interviews and 
online questionnaire) are collected to provide a collective answer to the research 
questions.   
 
The research findings will be presented in two parts. First, those related to em-
ployers personal experience with e-learning. Second, those related to employer 
perceptions on ODL. The latter analysis will include testing the five hypotheses 
presented in Section 3.2. Numerical data will be presented first, followed by the 
qualitative data. This will enable patterns, relationships, comparisons and qualifi-
cations across data types to be explored conveniently and clearly. The qualitative 
data will be presented using both narrative (verbatim quotations) and summary 
tables. Both forms of data display will be accompanied with reflexive and inter-
pretative commentary. 
 
 

4.1 Employers personal experience with e-learning 
 
The analysis of employers personal experience with e-learning begun with the 
statistical analysis of the online survey results. As mentioned before, my survey 
sample consisted of 81 people in top management positions in reputable compa-
nies. Hence, it was predictable that a clear majority of respondents would be over 
45 years old (70.4%) and hold a postgraduate certificate or diploma (81.5%). If 
we consider that e-learning (especially in the form of MOOCs) has gained popu-
larity less than a decade ago (with Coursera launching its operations in 2012), it 
is also no big surprise that the majority of respondents had had limited experience 
with e-learning (61.73 % had tried less than 5 courses or programs in their life-
time). The respondents that had experienced e-learning at least once (76.53%) 
had focused mainly on short-term courses and training offered by their own com-



43 

 

panies, foreign universities and MOOC platforms (see Figures 4.1 & 4.2). I be-
lieve that the fact that so many executives had been offered online training by 
their own companies is related to the sampling, which was mainly focused on 
large companies (69.14% of respondents). 
 
Almost one-fourth (23.46%) of the respondents affirmed that they had never par-
ticipated in any course, subject or study program online. Since the number is 
relatively high, I was interested in analysing the demographic profile of this sub 
group more closely (see Table 4.1).  
 
TABLE 4. 1 Demographic profile of survey respondents with no e-learning expe-rience  

 
 
I found that three-quarters of these respondents were male and held a postgrad-
uate certificate/diploma. Nearly three-fifths worked in large companies (over 200 
employees) and were under 55 years old, and nearly half worked in private sector 
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services. This surprised me, since I anticipated a clear majority to be working in 
small or medium-sized companies (with more limited access to corporate train-
ing), to be over 54 years old and to work in other areas than private services 
(which is considered the natural spearhead for digital transformation).  
 
Out of those survey respondents that did have previous e-learning experience, 
almost half (48%) had participated in less than five courses or programs. Details 
of all survey respondents quantitative e-learning experience is displayed below 
(Figure 4.1).  
 

 
FIGURE 4. 1 Amount of e-learning survey respondents had engaged with  
 
In addition to the amount of experience I also wanted to know about the type of 
experience respondents had had with e-learning. Over half of the respondents 
had experienced short-term courses or training online. One-fifth of the respond-
ents chose the category “I do not remember/does not apply”, which matches with 
the number of respondents that had previously manifested not to have experience 
with e-learning. The fact that I did not program the survey in a way that would 
automatically hide this question from those respondents that had manifested not 
to have previous virtual learning experience can be considered an error in my 
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survey design. On the other hand, it can also be viewed in positive terms as a 
way to triangulate the answers given to question Q5 (“Have you ever studied a 
program/course/subject online?”).  
 
In addition to asking the respondents about the type of online courses and pro-
grams they had tried out (Figure 4.1), I also asked them about the type of institu-
tions that had offered them online education (Figure 4.2). Again, the amount of 
respondents that chose the option “I do not recall/does not apply” matches with 
the amount of respondents that had previously manifested not to have experience 
with e-learning (question Q5). Hence, this affirmation was triangulated once 
more. Half of the respondents had been offered online education through their 
company’s portal or through a MOOC (the examples given were Coursera, Cre-

hana, NextU and OpenEnglish, following the ISIL survey format). One-quarter 
had received online education from a foreign university, while only one in ten had 
received it from a local university.         
 

 
FIGURE 4. 2 Type of e-learning survey respondents had engaged with   
 



46 

 

 
FIGURE 4. 3 Institutions that had offered e-learning to survey respondents 
 
 

4.2 Employers perceptions on e-learning 
 
After mapping and analysing employers previous experience with e-learning, it 
was time to focus on the main topic of interest for this study: employer percep-
tions. Data regarding employer perceptions had been collected both through the 
semi-structured interviews and through the online questionnaire (specifically, 
through multiple-choice question Q9). The research findings of the ISIL survey 
(2018) guided me in choosing the affirmations presented in Figure 4.4., which 
aimed at capturing the most common types of attitudes towards e-learning.  
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FIGURE 4. 4 Survey respondents perceptions of job-seekers with e-learning cre-dentials  
 
As the table shows, none of the affirmations was confirmed by more than 38% of 
survey respondents. This indicates that there are several views or attitudes influ-
encing employers decision-making in relation to job-seekers with e-learning cre-
dentials. The fact that only 3.7% of respondents considered that “None of these 

options reflect my attitudes”, reassured me to some extent that no important 
themes or topics had been left out the questionnaire. Still, I needed to comple-
ment my survey results with thicker qualitative data in order to answer the follow-
ing questions:  
 

1) Is a negative bias against ODL the general trend among Peruvian employ-
ers? 

2) If so, does it affect job-seekers with e-learning credentials? 
3) If so, are there any ‘mitigating factors’ that reduce this negative bias, bal-

ancing out the final recruitment decision? 
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This thicker data was provided by the five semi-structured interviews I had carried 
out with highly influential industry leaders (see Section 3.3 for ‘Data acquisition’). 

A summary of the interviewee profiles is presented below (Table 4.2).  
 
TABLE 4. 2 Profiles of interviewed industry leaders 

 
 
Compared to the very short online survey, the direct conversations I had with 
industry leaders proved to be immensely rich in data and detail. By using the 
process of analytic induction, I was able to organize and categorize the thicker 
qualitative data obtained through these ‘elite interviews’ into the key points pre-
sented in Table 4.3.  
 
All interviewees admitted the existence of a negative bias in relation to ODL 
among business leaders and employers in Peru. Similarly, all five admitted that 
being faced with a recruitment decision they would have some level of negative 
bias against a job-seeker with e-learning credentials. For some of them, admitting 
this fact aloud was clearly challenging and uncomfortable, presumably because 
of their public image and a fear of sounding ‘outdated’. An example is drawn from 
the first interview: 
 
 I can sit here and insist that I would make no distinction [between a 
 job candidate who has studied online and a job candidate who has 
 studied in the traditional way], but being faced with that situation [re-
 cruitment] the reality would probably be different [awkward laughter]. 
 (Interviewee #1)  
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I interpreted the situation as them trying to express that their responses were 
somehow conditioned by my presence. At that point, I decided to reaffirm that 
there were no right or wrong answers, that the responses would not be identifia-
ble, and that all type of responses would benefit the research.  
 
The problem of biased data is analysed in depth by Robbins (2009, pp. 66-67), 
who affirms that the presence of an interviewer can cause respondents to change 
their answers because of social desirability. In other words, interviewers can af-
fect respondents answers through their mere presence. In addition to social de-
sirability or social norms, biased data is also created when the interviewer helps 
clarify a question by offering an illustration to one participant but not the others 
(Robbins, 2009, p. 67). This also happened to me in the first interview, when 
Interviewee #1 asked me to illustrate what is considered e-learning and what is 
not. In an effort to avoid biased data, I made sure to use the same exact example 
(watching a YouTube tutorial versus using an educational platform online) in 
every single interview thereafter. 
 
Other recurring themes in the semi-structured interviews included the existence 
of what I would categorize as ‘mitigating factors’ (considerations that clearly at-

tenuate or supersede the existing negative bias). These mitigating factors in-
cluded understanding the job-seekers background and motivations better; credi-
bility and prestige of the accrediting institution; as well as positive testimonials 
from friends and acquaintances regarding an ODL course or program. Finally, 
interviewees made a significant amount of references to a ‘paradigm shift’ and to 

a ‘change in traditional ways of thinking’. All interviewees saw, however, that this 
change needed to be supported with different parallel actions, including better 
marketing of ODL offering; taking advantage of new interactive technologies to 
improve user experience; improve connectivity; and work on teachers IT skills.    
 
The degree of unanimity gives considerable power to the results of the elite inter-
views, even though, because of the sampling used, they cannot be said to be 
representative of the wider population. However, the sample of experienced in-
dustry leaders was deliberately selected to provide an informed overview of key 
issues affecting attitudes towards e-learning and job candidates with ODL cre-
dentials. It is important to remember, that even though unanimity is useful, the 



50 

 

main purpose of the interview data was to identify key issues, regardless of una-
nimity, convergence or frequency of mention. The respondents articulated similar 
issues, however, and this signals that these might be important elements.  
 
TABLE 4. 3 Key points and recurring themes in semi-structured interviews  
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4.2.1 Did employers display a dismissive attitude?  
 
The main objectives of the data analysis carried out for this study were to i) test 
the five hypothesis presented in Section 3.2, and ii) explore if any relevant themes 
or topics had been left out of the online questionnaire. In the following sub sec-
tions, we will test each of the five hypothesis, one per sub section, before drawing 
conclusions regarding the main research question and the four sub questions 
presented in Section 1.2.  
 
The first hypothesis (H1 = Employers display a dismissive attitude towards job-
seekers with educational credentials obtained through ODL) was tested using 
both descriptive statistics and analytic induction by the researcher. The results of 
the statistical analysis reveal that although some level of negative bias might have 
existed in all survey respondents, only 19.75% displayed a clearly dismissive at-
titude towards job-seekers with educational credentials obtained through ODL. In 
this study, a ‘dismissive attitude’ is associated with the following affirmation: 

“When evaluating the professional profiles of job-seekers, I value traditional face-
to-face learning over e-learning” (see Q9 in Appendix 1).  
 
Out of the respondents who displayed a dismissive attitude, 87.5% were male 
and held a postgraduate degree; 75 % worked in large companies; 50 % worked 
in private sector services; and 43.8% were over 54 years old (no-one under 35 
years old agreed with the affirmation).  In terms of age, the mean value was 4.2 
which refers to category 4/5 (people between 45 and 54 years old) and the skew-
ness was -0.39, which means that the curve of distribution was not normal (it had 
a tail to the left). When performing a cross-tabulation I also found a positive linear 
tendency, which is noticeable in Figure 4.5. 
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FIGURE 4. 5 Respondents that valued traditional face-to-face learning over e-learning when evaluating job candidates  
 
This finding encouraged me to test the positive linear correlation between age 
groups (a categorical and ordinal variable) and the affirmation “When evaluating 
the professional profiles of job candidates, I value traditional face-to-face learning 
over e-learning“ – a categorical variable I had coded with values 0=No and 
1=Yes. If both of the variables had been categorical, the best option for testing 
linear correlation would have been the Pearson Chi-square test (Einspruch, 2005, 
p. 62). However, since in this case one of the variables was also ordinal, the 
Spearman rank correlation was a more suitable choice (Cohen et al., 2018, p. 
765). Also known as Spearman’s rho, this bivariate correlation analysis tests the 
strength of association between two variables in a single value between -1 and 
+1. This value is known as the correlation coefficient. A positive value indicates 
a positive relationship between the two variables, while a negative value indicates 
a negative relationship. A correlation coefficient of zero indicates that no relation-
ship exists between the two variables (Ibid., p. 766).  
 
The Spearman rank correlation produced a correlation coefficient of 0.097 (see 
Table 4.4) which indicates a very weak positive correlation. Moreover, the prob-
ability associated with this correlation coefficient is 0.388, which is clearly above 
the conventional significance level of 0.05. The significance level refers to the 
probability of rejecting the null hypothesis when it is true. At the level of 0.05, this 
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risk is 5%, which is still considered acceptable in most types of research (Cohen 
et al., 2018, p. 767). However, a significance level of 0.388 suggests a 38.8% 
likelihood that the null hypothesis, which states that there is no statistically signif-
icant relationship between the two variables, is correct. This would indicate that 
the linear pattern displayed by our data is nothing but mere coincidence.  
 
TABLE 4. 4 Testing the positive linear correlation between ‘a dismissive attitude 
towards ODL’ and ‘age group’ using Spearman’s rho  
 

 
 
Two conclusions can be drawn from this. First, that the hypothesis H1 presented 
in Section 3.2 (“Employers value traditional face-to-face learning more than 
online distance learning when evaluating job candidates“) has not been validated 
by this study, since only one-fifth (19.75%) of survey respondents affirmed to 
value face-to-face learning over e-learning when evaluating job candidates. Sec-
ondly, that a dismissive attitude towards job candidates with an online distance 
learning background cannot be explained by a single factor, such as the em-
ployer’s age group. Consequently, the qualitative analysis presented in Section 
4.3 will be pivotal for drawing conclusions about cause and effect in relation to 
employer perceptions.  
 
 

4.2.2 Was prestige a mitigating factor? 
 
The second hypothesis I had formulated before starting my data collection was 
the following: H2=Employers negative bias against ODL is mitigated by the fact 
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that the accrediting institution is prestigious. Based on my observations and con-
versations with Peruvian executives, I had noticed that the courses offered online 
by prestigious universities like Harvard and MIT were widely accepted to be of 
high quality independently of the course format. In other words, the prestige of 
the accrediting institution seemed to affect the level of scrutiny or scepticism the 
ODL program faced.  
 
I wanted to test this hypothesis using my online survey. Question Q9 included the 
following affirmation: “When evaluating the professional profiles of job candi-

dates, I value both [face-to-face education and e-learning] the same, if an institu-
tion I consider prestigious has accredited the e-learning” (see Figure 4.4). Over 
38.2% of the survey respondents agreed with this statement, making it the most 
popular affirmation in the questionnaire. When looking at the demographics of 
this sub group of respondents, we can see that 75% were male, 81.3% held a 
postgraduate degree, 40.6% were over 54 years old, 68.8% worked for a large 
company and 62.5% worked in private services. Three times more women chose 
this affirmation compared to the first one (i.e. “I value traditional face-to-face ed-
ucation over e-learning”). It was also chosen by people from all age groups, com-
pared to the first one, which no one under 35 years old agreed with.   
 
The importance of prestige was also strongly underlined in the semi-structured 
interviews. As one interviewee put it: 
 
 I need to trust the institution offering the virtual education. The plat-
 form needs to be optimal for learning and there need to be excellent 
 teachers involved. A prestigious institution offers that guarantee.  
 (Interviewee #3) 
 
In conclusion, the prestige of the accrediting institution does seem to be one of 
the most important mitigating factors determining employer attitudes towards job-
seekers with ODL credentials. However, it does not seem to be the only mitigating 
factor. If over 80% of respondents do not express a dismissive attitude towards 
e-learning, but only 38.2%, affirm to value them equally if the accrediting institu-
tion is prestigious, there must be other mitigating factors that are considered even 
more relevant.  
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4.2.3 Was internationalism a mitigating factor? 
 
The third hypothesis I had formulated before starting my data collection was the 
following: H3=Employers negative bias against ODL is mitigated by the fact that 
the accrediting institution is foreign (see Section 3.2). This hypothesis was also 
based on observations and conversations with Peruvian executives. In this con-
text, it is good to note that Peru’s PISA scores rank among the lowest in Latin 

America (PISA, 2018) and only two Peruvian universities are included in the re-
gional top-70 of universities (QS university rankings, 2020). Hence, the fact that 
one has studied in a foreign university is usually a source of pride for Peruvian 
professionals.  
 
However, only 13.58% of the survey respondents agreed with the statement “I 
value international higher education in a special way, no matter if it has been 
offered online or face-to-face”. When looking at the demographics of this sub 
group of respondents, we can see that 54.5% of the respondents were male, 
81.8% worked in a large company, 72.2% held a postgraduate degree, 63.6% 
were under 55 years old and 54.5% worked in private sector services.   
 
The low number of survey respondents that agreed with this statement would 
indicate that the ‘internationalism factor’ is not really a critical one when analysing 
ODL acceptance among Peruvian top executives. This was also evident in the 
semi-structured interviews. Interviewees indicated that prestigious foreign univer-
sities added value to the ODL credentials. However, no one expressed that the 
internationalism factor in itself would be particularly appealing. This can be con-
sidered as a negative signal to any new, international education providers that 
would like to launch their services outside the traditional universities, specializing 
in ODL.  While it is probable that Peruvian executives do value international ex-
perience significantly, they still seem to make a clear distinction between those 
international studies that have taken place online and those that have taken place 
on-site. While for face-to-face experiences abroad the prestige of the accrediting 
institution seems to be of secondary importance (versus broadening your hori-
zons and gaining language-skills), the standard does not seem to be the same 
for international online studies. 
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4.2.4 Were professional networks a critical factor? 
 
The fourth hypothesis I had formulated before starting my data collection was: 
H4=Employers do not believe that ODL offers effective networking (see Section 
3.2). The personal and professional contact networks that a new employee can 
bring to the company are generally seen as an important asset in Peru. Conse-
quently, I deduced that if Peruvian employers doubted the effectiveness of ODL 
in building those networks, it could be affecting their perceptions of job candidates 
negatively. 
 
I wanted to test this hypothesis using my online survey. Question Q9 included the 
following affirmation: “When evaluating job candidates, I do not believe e-learning 
offers the same level of professional networking [than face-to-face education]”. 
However, only 13.58% of the survey respondents agreed with this statement. 
When looking at the demographics of this sub group of respondents, we can see 
that 63.6% were male, had a postgraduate degree, were between 45 and 54 
years old, and worked for a large company. All sectors except public sector ser-
vices were represented. 
 
First I thought that this low number could be related to the general belief that the 
most relevant and long-lasting networking takes place during undergraduate 
studies which, in the Peruvian context, have an average duration of five years 
and are not offered in an online distance learning format. The semi-structured 
interviews did not underline this aspect, however. Instead, interviewees consid-
ered online networking as extremely efficient, a good example being the social 
media platform ‘LinkedIn’. As one interviewee put it: 
 
 I belong to a regional-level association related to my sector. We 
 have never met in person and yet we keep in touch actively, 
 organise online talks and seminars, and follow each other on social 
 media. (Interviewee #3)    
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In conclusion, while doubts regarding ODLs potential in offering personal and/or 
professional contact networks could be a critical issue to a small minority of em-
ployers, it does not seem to be a widely held view or concern among top execu-
tives.  
 
 

4.2.5 Did personal experience correlate positively with open-
minded attitudes? 

 
The fifth hypothesis I presented in Section 3.2 suggested “a linkage between em-
ployers personal experience with e-learning and their level of bias against job 
candidates who have obtained their educational credentials through ODL”. In Fig-
ure 4.6, I have categorized and organized the five statements presented in ques-
tionnaire question Q9 (see Annex 1) in a way that illustrates different levels and 
types of negative bias against e-learning. The figure is an example of the data 
analysis and data display that can result from a process of analytic induction.   
 
 

 
FIGURE 4. 6 Levels of negative bias against job candidates with e-learning cre-dentials 
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A relatively low number of survey respondents (19.75%) chose the statement that 
reflects the most ‘dismissive’ attitude (significant negative bias towards job-seek-
ers with educational credentials obtained through ODL). The two statements that 
received the most votes (38.27% and 37.04%, respectively) reflected a ‘moder-

ate’ attitude (some negative bias towards job-seekers with educational creden-
tials obtained through ODL) and an ‘open-minded’ attitude (any possible negative 

bias is attenuated by ‘mitigating factors’). The affirmations and the percentage of 

respondents who agreed with them are presented in Figure 4.6. 
 
Next, I will use the descriptive method of cross tabulation to better understand 
the correlation between the independent variable ‘personal experience with e-
learning’ (questionnaire question Q5) and the different dependent variables that 
reflect ODL attitudes (questionnaire question Q9). I start my cross tabulation by 
creating a new variable labelled ‘open-minded attitudes towards ODL’. This new 

variable is created by combining the data of two answer categories (“I value in-

ternational higher education in a special way…” and “I evaluate each candidate’s 

study credentials case by case…”) and by selecting those cases than responded 
“Yes” to one or both affirmations. Finally, I cross tabulate the new variable with 

the responses to question Q5 (regarding personal experience with e-learning). 
The results are presented in Figure 4.7.  
 
Out of 81 survey respondents, 39 agreed with one or both of the statements cat-
egorized under ‘open-minded attitudes’. Out of this group, 92.3% had experi-

enced virtual learning at a personal level. This is a significantly higher number 
than the share of all survey respondents that had previous experience with virtual 
learning (76.54%), which suggests a positive correlation between the independ-
ent variable ‘personal experience’ and the dependent variable ‘open-minded atti-
tudes’. 
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FIGURE 4. 7 The linkage between open-minded attitudes and the respondents personal experience with e-learning 
 
One of the most common ways of looking at the association between two cate-
gorical variables is to use the chi-square statistic (Einspruch, 2005, p.65). The 
question we are interested in is “Do the employers that have the most open-
minded attitudes towards job candidates with ODL credentials, have personal ex-
perience with e-learning?” To answer this question, we need to cross-tabulate the 
two variables and look at the percentage of respondents that did and did not have 
prior experience with virtual learning and who chose, according to our listing, the 
most open-minded affirmation regarding ODL (see Table 4.5). Finally, we will test 
the similarity of the two distributions using the chi-square statistic.  
 
Looking at the crosstab table, we can identify a pattern where personal experi-
ence with e-learning seems to correlate positively with an open-minded attitude 
towards job candidates with ODL credentials. We confirm the positive correlation 
by using Pearson’s chi-square test, which is often used to test the correlation 
between two categorical variables (Einspruch, 2005, p. 65). In this case, the test 
gave us a Chi-square value of 7.481 with one degree of freedom (see Table 4.6). 
The probability associated with this chi-square value is 0.006, which is much less 
than the significance level of 0.05. Thus, we can conclude that it was not due to 
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chance alone that the percentages were distributed so differently between the 
two respondent groups. Instead, a strong positive correlation between the two 
variables exists in this particular sample. 
 
TABLE 4. 5 Cross-tabulation that illustrates the relationship between making an open-minded affirmation and having personal experience with e-learning 
 

 
 
 
TABLE 4. 6 Testing the association between making an open-minded affirmation and having personal experience with e-learning using the Pearson Chi-square  
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It is important to note, however, that due to the limitations of our sample, this 
result cannot be generalized to the whole population (all Peruvian employers). 
Similarly, no causality has been shown. That is, we have not shown that the per-
sonal experience is the cause behind the open-minded attitudes. Simply, that 
these two variables have a specific type of association with one another: when 
one moves in one direction, so does the other. For the overall purpose of this 
study, it is important, however, to be able to draw some conclusions regarding 
cause and effect. For this end, we rely once more on the thicker narrative data 
provided by the semi-structured interviews, to which we turn next.  
 
 

4.3 Determining cause and effect 
 
As detailed above, I began my effort to answer the research questions using sta-
tistical analysis. While descriptive statistics allowed me to analyse patterns, 
trends and correlations in the survey data, they did not allow me to establish cau-
sality. That is, to prove that X came before Y, that the relationship between the 
two cannot occur by chance alone, and that there is no other explanation (alter-
nate cause) for the relationship between X and Y than the fact that X causes Y 
(Antonakis et al., 2010). 
 
Hence, in order to learn more about the factors that cause bias against ODL 
among Peruvian employers, I needed to focus on qualitative data analysis. En-
gaging in a process of analytic induction includes identifying linkages and rela-
tionships between the data, while always staying alert to any contradicting state-
ments, which could put those linkages and relationships into question (Cohen et 
al, 2018). Some of the causal links that the correlation tests had suggested, found 
support in the elite interviews. In addition, new themes emerged from the inter-
views. A summary of the key factors causing negative bias towards ODL among 
the interviewees are presented in Table 4.7.  
 
Causes for negative bias included: i) lack of personal experience with e-learning; 
ii) negative personal experiences with e-learning; iii) limited notions of virtual ed-
ucation; iv) a concern for the social aspects of learning, and v) distrust.     
 



62 

 

TABLE 4. 7 Causes for negative bias expressed in interviews 
 

 
 
An overview of all research findings will be presented next, as part of the con-
cluding chapter of this study.   
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5 CONCLUSIONS AND DISCUSSION 
 
The purpose of this study was to collect primary data regarding Peruvian employ-
ers perceptions on e-learning and to respond the research question: “Do Peru-
vian employers perceptions of e-learning include a negative bias against job can-
didates who have obtained their educational credentials through online distance 
learning?” 
 
In the next section, I will present a summary of the main research findings, fol-
lowed by recommendations for further research and a discussion regarding the 
future of e-learning in Peru.  
 
 

5.1 Summary of research findings 
 
The main research findings related to the particular sample used (not to be gen-
eralised) were the following: 
 
Hypothesis 1 (Employers display a dismissive attitude towards job-seekers with 
educational credentials obtained through ODL) was refuted, since only 19.75% 
of survey respondents expressed an attitude that could be interpreted as ‘dis-

missive’. Moreover, none of the interviewed industry leaders admitted (or uncon-

sciously expressed) a dismissive attitude. On the contrary, all were convinced 
that a paradigm shift was taking place, positively affecting the current bias against 
ODL. 
 
Hypothesis 2 (Employers negative bias against ODL is mitigated by the fact that 
the accrediting institution is prestigious) was supported, since 38.27% of survey 
respondents identified with a statement that reflected this mitigating effect. Inter-
viewees also energetically underlined the importance of prestige.  
 
Hypothesis 3 (Employers negative bias against ODL is mitigated by the fact that 
the accrediting institution is foreign) was refuted, since only 13.58% of survey 
respondents identified with a statement that reflected this mitigating effect. Inter-
viewees did not separate the ‘internationalism factor’ from the ‘prestige factor’. 
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That is, both were needed in order for there to be a mitigating effect. Foreign 
private companies offering English online were mentioned and discredited by 
several interviewees. 
 
Hypothesis 4 (Employers do not believe that ODL offers effective networking) 
was refuted, since only 13.58% of survey respondents identified with a statement 
that reflected this concern. Moreover, all the interviewees expressed great satis-
faction with the opportunities offered by online networking and viewed it in exclu-
sively positive terms.  
 
Hypothesis 5 (There exists a linkage between employers personal experience 
with e-learning and their level of bias against job candidates who have obtained 
their educational credentials through ODL) was supported, since a statistically 
significant positive correlation existed between a survey respondent having per-
sonal experience with e-learning and expressing an ‘open-minded attitude’ to-

wards job candidates with e-learning credentials.  
 
In relation to the main research question (Do Peruvian employers perceptions of 
e-learning include a negative bias against job candidates who have obtained their 
educational credentials through online distance learning?), the evidence sug-
gests that some level of negative bias against ODL is commonplace among 
Peruvian employers. Considering the position and profile of the interviewees, it 
seems very unlikely that this negative bias would be exclusive to this particular 
sample.  
 
In relation to the sub questions (If so, can this bias be described as a dismissive 
attitude or as something more moderate? If so, are there demographic factors 
that reduce this negative bias? If so, are there any ‘mitigating factors’ that reduce 

this negative bias? If so, are the employers personal experiences with e-learning 
associated with this negative bias?), the evidence suggests the following: 
 

i) For a large majority of employers a negative bias does not lead to a 
dismissive attitude.  
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ii) As for this sample, the negative bias could not be explained by de-
mographic factors, such as age.  

 
iii) It was possible to identify several ‘mitigating factors’ that reduced 

or balanced out the negative bias, including the prestige of the ac-
crediting institution; positive testimonials from friends or acquaint-
ances; understanding the job candidates circumstances better; as well 
as making a positive assessment of the contact networks developed 
through online distance learning.  

 
iv) Although there seems to be a positive correlation between having ex-

perienced e-learning and having an open-minded attitude towards 
ODL, the same has not been shown the other way around. That is, 
dismissive attitudes towards ODL are expressed both by people 
who have and who have not had personal experience with e-learn-
ing. A simple explanation could be that those employers that express 
open-minded attitudes are the ones who have had positive experi-
ences with e-learning. Similarly, those who express dismissive atti-
tudes either lack personal experience or have had negative personal 
experiences with e-learning. The online questionnaire failed to address 
this topic (user satisfaction with e-learning), which, in hindsight, would 
have been an important element to include. Fortunately, the semi-
structured interviews helped to bridge this gap, complementing the sur-
vey data and confirming that a lack of personal experience as well as 
previous negative experiences caused negative bias, which, in turn, 
was attenuated by mitigating factors. Finally, the evidence suggests 
that the lack of personal experience can lead to very limited notions of 
what e-learning is or has the potential to be, and even cause distrust 
towards the e-learning format. Similarly, it can make respondents 
doubt the potential of e-learning in facilitating social learning and learn-
ing from peers.  

 
According to Hochschild (2009), elite interviews complement surveys in that they 
can confirm, disconfirm or transform one’s hypothesis, setting up alternative re-
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search strategies or making sense of what has been extracted from those strat-
egies. This has certainly been true for this study, which would have suffered from 
significant ambiguity without the thicker qualitative data that helped me bridge 
gaps and make me see the limitations of my original ideas and constructs.  
 
 

5.2 Suggestions for further research 
 
The fact that I used an opportunity sample restricts the generalizability of my re-
search. Moreover, the elite interviews revealed several important topics and 
themes that were left out of my survey instrument. The research findings of this 
study can be useful in informing the design of a new and improved survey 
instrument that can be directed to a larger random sample of Peruvian employ-
ers, ensuring the generalizability of the results. The improved survey instrument 
would need to include questions that were left out, and later identified as im-
portant in the elite interviews, such as those related to user satisfaction and user 
experience with e-learning. Similarly, some survey questions could be left out, 
such as those related to contact networks and internationalisation, since they 
seemed to have little relevance to the respondents.    
 
According to Venkatesh and Davis (2000), in a context where technology use is 
mandatory, the role of social influence weakens over time and eventually be-
comes irrelevant with constant technology usage. Considering the COVID-19 
pandemic that our world is experiencing at the time I am writing these conclu-
sions, another highly relevant topic for future research would be the implications 
of Peru’s strict quarantine and social distancing measures on the adoption 
of novelty technology. Today, everyone from schoolchildren and university stu-
dents to parents, employees and small business owners have suddenly been 
forced to become acquainted with ICT and e-learning. Has this ‘mandatory tech-

nology use’ had the impact on e-learning motivation and intention of use sug-
gested by Venkatesh and Davis and the UTAUT model? This question will be 
examined further in the following Section, where I will engage in a discussion 
regarding the paradigm shift catalysed by the global pandemic and its implica-
tions for the future of e-learning in Peru.      
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5.3 Discussion on the future of e-learning in Peru 
 

One of the starting points of this study was the argument that employer percep-
tions are important and that they should be taken into account in order to suc-
cessfully disseminate e-learning in Peru. My affirmation that employer percep-
tions matter was founded, on one hand, on the UTAUT model, which claims that 
people adopting novelty technology care about what ‘important others’ (such as 

employers) think. On the other hand, it was supported by a recent survey con-
ducted in Peru regarding potential adult students habits and attitudes towards e-
learning (ISIL, 2018).  
 
In other words, my study represents an effort to engage in an under-researched 
area dealing with employer perceptions as a source of social influence that has 
affected e-learning motivation and intention of use negatively in Peru. I say ‘has’, 

because clear indications of a paradigm shift can be observed since I finalized 
the process of primary data collection in February 2020.  
 
Today, in a country that has been on lockdown since March 16th, e-learning has 
become the new normal for millions of school children and university students 
around the country. Moreover, the situation is said to continue until the end of the 
year. The students who do not own a computer are participating in synchronous 
and asynchronous learning activities on their cell phones. Employees, from CEOs 
to executive assistants, have had to learn to work remotely five days a week. 
Independent workers have been obliged to learn to manage their small business 
online, to build a webpage, to use financial technology for mobile payments etc. 
Everyone and everything is going online. Suddenly, a global health pandemic has 
become the unstoppable catalyst for a digital leap no one in Peru could have ever 
anticipated.   
 
What implications does such a radical shift have on the UTAUT model? Or the 
model by Cai (2013) regarding employer perceptions of job candidates? My in-
terpretation is the following. By the end of 2020, Peru will no longer find itself in 
the early stages of e-learning platform usage, due to quarantine measures affect-
ing schools, universities and corporate training. In this new context, where tech-
nology use is mandatory, the role of social influence will weaken considerably 
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over time and eventually become irrelevant with constant technology usage. In 
other words, it will no longer represent a relevant factor determining e-learning 
motivation and the use of educational portals. Nevertheless, what will happen 
once the quarantine is lifted? Will people forget about e-learning and go back to 
their traditional ways of studying? I consider it unlikely, since the study by Torres 
Maldonado et al. (2011) suggests that the use of e-learning portals has a positive 
impact on e-learning motivation. In other words, if people try e-learning, it is prob-
able that they will want to do it again. 
 
Does this mean that employers perceptions do not matter in this new context? 
Will they not continue to be the people whose attitudes towards job-seekers are 
crucial in the final recruitment decisions and who are effectively acting as ‘gate-
keeper’ to the labour market? The answer is yes, of course they matter. What is 
very likely, however, is that those perceptions are currently going through a par-
adigm shift, as well. From the perspective of new institutionalism, employers be-
liefs are developed within institutional frameworks (Cai, 2013, p. 462). What af-
fects the creation of an institutional framework is a process of system structuring. 
Compared to actor structuring, system structuring takes a longer time. It takes 
place at the level of an entire group, or in an organisational field. It is my interpre-
tation, that such a system structuring is taking place in Peru right now. Conse-
quently, employers are likely to start imitating other companies that have been 
successful in enhancing productivity by recruiting people with e-learning qualifi-
cations. As such, the collective sense making is developed through mimetic learn-
ing, which occurs when actors facing uncertainty try to emulate successful organ-
isations as a solution (Ibid.).  
 
In conclusion, the current context facilitates a ‘trial and error process’ described 

by Cai (2013, p. 459), during which employers perceptions develop as they learn 
from the real performance of employees holding ODL credentials. However, in 
doing so, they are ignoring a very strong ‘initial signal’ emitted by the highest 
educational authority in the country. The Ministry of Education of Peru has cur-
rently a policy of denying re-validation to those foreign Bachelor’s degrees that 

have included over 50 % of e-learning, as well as those foreign postgraduate 
degrees that have been offered fully online (Law N° 30220, Art. 47). Changing 
this piece of legislation, as well as improving connectivity, would mean that the 
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paradigm shift that is currently catalysed by a global pandemic would find more 
support in both the institutional framework and the facilitating conditions. In such 
a scenario, the future of e-learning in Peru would certainly look very bright, po-
tentially leading to a larger cultural and digital transformation of society.  
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APPENDICES  
 

Appendix 1. Online questionnaire  
 
PERCEPTIONS ON E-LEARNING 
 
Q1: Gender  

 male  
 female 

 
Q2: Age  

 18-24  
 25-34  
 35-44  
 45-54 
 over 54 

 
Q3: Level of education  

 basic education completed 
 High school diploma  
 Technical Higher Education Degree  
 University degree  
 Postgraduate certificate or diploma 

 
Q4: The size of the organization where I hold a top management position  

 Microenterprise (up to 10 employees) 
 Small (between 11 and 50 employees) 
 Medium-sized (between 51 and 200 employees) 

 
Q5: ‘E-learning’ is understood here as the transfer of knowledge by means of an 
educational platform which one can access through the Internet. E-learning can 
be free of charge or paid for and its duration can vary. Considering the aforemen-
tioned definition: Have you ever studied a course/subject/study program virtually, 
even if you did not conclude it? 

 Yes 
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 No 
 I do not recall 

 
Q6: How many e-learning courses or programs have you participated in? Please, 
also include the ones you did not conclude. 

 None 
 Between 1 and 4 
 Between 5 and 7 
 Between 8 and 10 
 Over 10 
 I do not recall 

 
Q7: What type of e-learning courses or programs have you participated in? 

 Master's degree program 
 Certificate program or Specialization 
 Undergraduate degree program 
 Short-term courses and training 
 I do not remember / does not apply 

 
Q8: What type of institutions offered the e-learning you participated in? 

 Local university 
 Foreign university 
 Local institute 
 Foreign institute 
 Online portal (e.g. Coursera, Crehana, NextU, Open English) 
 My company 
 Other 
 I do not recall / does not apply 

 
Q9: When evaluating the professional profiles of job candidates...  

 I value traditional face-to-face education over e-learning. 
 I value both the same, if an institution I consider prestigious has accredited 

the e-learning. 
 I value international higher education in a special way, no matter if it has 

been offered online or face-to-face. 
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 I do not believe e-learning offers the same level of professional network-
ing. 

 I evaluate each candidate’s educational credentials case by case, without 

predetermined preferences regarding the study format (online or on cam-
pus). 

 None of these options reflect my attitudes. 
 
Q10: I hold a top management position in… 

 The extractive sector 
 Manufacturing and construction 
 Public services 
 Private services 
 *) I develop or sell online learning products/services [filter] 
 Other 
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Appendix 2. Interview guide  
  

 
‘E-learning’ is understood here as the transfer of knowledge by means of an ed-
ucational platform which one can access through the Internet. E-learning can be 
free of charge or paid for and its duration can vary. Considering the aforemen-
tioned definition: Have you ever studied a course/subject/study program using 
this format, even if you did not conclude it? 
 
What was that experience like? Would you recommend it? 
What are your general perceptions of people who have studied online? 
 
Are there many people in your company who have earned their educational cre-
dentials studying online?   
 
How would you react if two job candidates had very similar profiles but one had 
earned his/her educational credentials online instead of the traditional way? 
Why do you think that is? 
 
What if a prestigious institution had accredited the e-learning? 
What if a foreign institution had accredited the e-learning? 
Why do you think that is? 
 
Do you consider the personal contact networks that an employee can bring with 
them to the company as a valuable asset? Do you think that these can be either 
positively or negatively affected by e-learning? Why do you think that? 
 
What do you think is the general sentiment among Peruvian employers towards 
professionals who have earned their qualifications through e-learning?  
Why do you think that the majority of potential adult students living in Lima think 
that e-learning is not positively viewed by companies? 
 
What would make e-learning more appealing to you personally?  
 
 


